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Governing equations for Injection moulding (w,v,w)
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Experimental Data Iozss
Volume of Fluid Method: V-V, =0
Relative melt/air properties @ i.e p,n dependent on phase fraction a: Fig: Physics-informed neural networks for
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P = Pma + Pal @) Definition and Key Ingredients:
: £ ph e : T = . Physics-informed neural networks: A deep learning framework for solving forward and
Propagation of Phase Fraction a via Transport Equation: inverse problems involving nonlinear partial differential equations.
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. . Results using TorchPhysics library:
Conservation of Mass for a fluid: 2 Y Y
Creating Geometry : Domains handle the geometries of the underlying problems
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Plot Sampler for alpha with 10000 training steps, L shaped domain without time constraint
along with time constraint, transport sampler points = 10000 for 50000 training steps, with Adam optimizer
REferences : Torch Physics has been developed by Nick Heilenkotter and Tom Freudenberg, at the University of Bremen, in cooperation with the Robert Bosch

GmbH.
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